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 This paper has conducted the study of the impact and effectiveness of Google Classroom in 
online teaching and learning. Based on the unified theory of acceptance and use of 
technology (UTAUT2), the first aim was to rank the 8 constructs namely: Performance 
Expectancy, Effort Expectancy, Social Influence, Facilitating Conditions, Hedonic 
Motivation, Habit, Behavioral Intention, and the last Use Behavior. Each of the constructs 
have their respective questions due to the questionnaire formed from the UTAUT2 theory.  
To evaluate the use of Google Classroom, have been analyzed the feedbacks from every 
participant based on a 5-likert scale output. Secondly, was completed the rank of the 
questions based on the most preferred 5-likert scale options. The method proposed for the 
purposes of this study were fuzzy AHP with triangular fuzzy numbers (TFN) and trapezoidal 
fuzzy numbers (TpFN). The results suggested that the most preferred construct by fuzzy with 
TFN numbers was the Behavioral Intention while the least preferred was the Effort 
Expectancy, whereas for fuzzy TpFN the most preferred construct was the Social Influence 
and the least preferred was the Effort Expectancy. Based on the questionnaire, the rank 
resulted to be the same with both methods for the most preferred question and the least 
important one, that were respectively from Use Behavior construct, and from Performance 
Expectancy construct, while the ranked questions of other constructs differed slightly with 
both methods. These results showed that both methods produced the same rank for the 5-
likert scale options, where “Agree” option was the more important from the 5-likert scale 
options and “Strongly disagree” option was less important. From these findings was 
concluded that these changes in ranking were due to the different defuzzification methods 
that were used for both types of fuzzy numbers.  
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1. Introduction  
Due to the worldwide situation of the COVID-19 pandemic, 

in several countries have been applied online teaching methods in 
schools and universities, including Albania. The most used e-
learning platform was Google Classroom which is a free 
application, mainly used in higher education helping lecturers and 
students to share files between them referring to [1]. Compared 
with the traditional teaching style there are advantages and 
disadvantages in using Google Classroom [2]. 

In fact the students prefer the engagement in Google Classroom 
rather than being engaged in a class where the teachers have more 
active roles [3].  Google Classroom has incorporated some other 
applications such as Google Docs, Slides, Calendar, Sheets, 
where users can download them from Play Store or App store [4]. 
All these applications help the lecturer/tutor and students to have 
a better communication by attaching assignments or sharing files 
without the need of face to face learning. The benefit of using 
Google Classroom is that you can stay organized, save time and 
paper, interact with other users in a kind of blended learning [5], 
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[6]. Classroom use of Google was expected to improve in quality 
and providing assistance in education [7]. Motivated by these 
facts the study was focused to find the most important attributes 
related to Google Classroom, based on the online learning theory 
of acceptance and use of technology 2  (UTAUT2). This theory is 
a technology acceptance model formulated by Venkatesh et al [8], 
and aimed to explain user intentions to use a new technology and 
subsequent usage behavior. The study questionnaire was based in 
the questionnaire developed by Jakkaew and Hemrungrote [9]  
and Jannosy [10]. The survey with 26 questions 5-likert scale have 
collected data from 528 students that studied mathematical 
courses in bachelor degree, from four different Universities in 
Albania. Based on the UTAUT2 theory, the questionnaire has 8 
constructs: Performance Expectancy (PE), Effort Expectancy 
(EE), Social Influence (SI), Facilitating Conditions (FC), Hedonic 
Motivation (HM), Habit (HT) [11], Behavioral Intention (BI) [12] 
and Use Behavior (UB) introduced and estimated by Jannosy [10]. 
For each of the questions, the answers were based on a 5-likert 
scale where 5 represents “strongly agree”, 4 “agree”, 3 “neither 
agree nor disagree”, 2 “disagree” and 1 “strongly disagree”. PE is 
determined by how useful Google Classroom is for students and 
how does it increases the learning productivity [13]. EE 
determines how easy it is to learn and use Google Classroom [14]. 
SI determines the degree that an individual will perceive the 
importance that the closely friends or peers, or people he or she 
valuate his/her opinion, believe in using Google Classroom [15]. 
FC describes the perception that the technology will support 
difficulties while using Google Classroom [8]. HM defines the fun 
or pleasure in using Google Classroom compared to traditional 
learning [16]. HT determines the degree of observed automatic 
behavior to an unconscious stimulus that leads to happy outcome 
after using Google Classroom [17], [18]. Some studies have found 
that the more users are in regular contact with each other, the more 
likely they are to develop a “habit of participation” and act 
cooperatively with the others [19], [20]. BI is the subjective 
degree that an individual will use Google Classroom frequently in 
the future.  UB is defined from the subsequent effects of habit and 
others, but mostly from the effect of behavioral intention [20]. The 
constructs had their own set of questions, defined by Venkatesh, 
Jakkaew, Hemrungrote et al. The study referred to each of the 
construct as an attribute of its level, and each question as an 
attribute of the question’s level, and each alternative response 
from 5-likert scale, as an attribute of the 5 options. Thomas Saaty 
[21] introduced analytic hierarchic process (AHP) as a method of 
measurement with ratio scales to solve real life problems in 
decision making, but to deal with uncertainty in complex 
problems and multi criteria decision making (MCDM), AHP is 
combined with fuzzy logic (Fuzzy AHP) [22]. The fuzzy AHP 
method converts the Saaty scale of AHP from 1-9, to symmetric 
triangular fuzzy numbers and symmetric trapezoidal fuzzy 
numbers. The next step calculates the defuzzification of fuzzy 
numbers, converting the expected results into crisp numbers and 
ranking the attributes according to their respective levels [23]. In 
order to evaluate all the attributes of Google Classroom, has been 
constructed a hierarchy in levels. The goal was “the best attributes 
for Google Classroom”, level 1 were the four universities of 
Albania, level 2 included the eight constructs of UTAUT2, level 
3 was formed by the questions for each of the constructs, and level 
4 included the 5-likert point option for each of the questions. The 
hierarchy and its levels are as follow in figure 1 and figure 2: 

 
Figure 1: Hierarchy of the questionnaire 

 
Figure 2: The 5-likert point alternative 

The rankings have been evaluated by implementing the 
method fuzzy AHP with triangular fuzzy numbers and with 
trapezoidal fuzzy numbers, because it is known that trapezoidal 
fuzzy numbers are a generalization of triangular fuzzy numbers 
[24].  Thus have been compared the similar rankings and also the 
changes in rankings. The results obtained from this study may be 
very useful for lecturers and students when using Google 
Classroom. The findings are expected to be used by lecturers in 
explaining new knowledge, also in their interest to know where 
students are more focused during the online learning. Multi 
criteria decision making problems are a group of decision method, 
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where AHP is one of the most widely used among them. The AHP 
was first introduced by Saaty [25], [26] which uses the decision 
matrix and makes the pair-wise comparison evaluations in order 
to obtain the relative weights for the levels of the hierarchy 
(criteria and alternatives). This method has disadvantages in its 
inability to deal with the uncertainty decision making problems 
[27], [28]. To address this issue, in [29] the author introduced the 
fuzzy AHP, based on the fuzzy set theory by [30]. The first FAHP 
was applied with triangular fuzzy numbers and their relative 
preferences were described with the means of fuzzy numbers [31]. 
In [31], the author introduced the geometric mean to calculate the 
fuzzy weights and their combination for finding final weights, in 
[32], the author introduced a new approach for FAHP based on 
triangular fuzzy numbers and used the extent analyses to find the 
vector of weights for each element of the criterion. Most of 
previous works have used the AHP method and other MCDM 
methods in Learning Measurement Systems (LMS) while a little 
attention has been paid to the fuzzy AHP method. In [33], the 
author evaluated the critical success factors in implementing e-
learning system using FAHP with TFN scale. They have treated 
the success factors from diverse points of view such as system, 
support from the institution, instructor, and student. In [34], the 
author has evaluated the LMS systems by using FAHP with TFN 
and two other methods, fuzzy Topsis and an Integrated Method. 
In the study has been showed that the content management and 
development is the most important criteria. In [35], the author 
applied FAHP in increasing the effectiveness of teaching to 
massive open online courses (MOOCS) and to determine the most 
widespread MOOCS. In [36], the author explores in detail the 
necessary requirements for the successful execution of distance 
education in industrial engineering using FAHP and SWARA. In 
[37], the author used the FAHP to weight the e-learning website 
selection index, for eight C-programming language websites, and 
concluded that the most important from the quality factor is 
“functionality”, and from e-learning easily specific factors is 
“easy of learning community”. In [38], the author used FAHP to 
choose the most appropriate system of LMS, and it  was Joomla 
LMS system. In [39], the author applied fuzzy AHP to evaluate 
significant factors for executing a successful personalized E-
Learning system. In [40], the author used FAHP with TFN 
numbers and other methods to achieve lean attributes for 
competitive advantages development. In other research papers 
[41], [42] the authors have evaluated the adoption of a new 
technology with FAHP method. In [41], the author used FAHP 
and Structural Equation Modeling (SEM) to predict the adoption 
of cloud-based technology, and found that the constructs PE, EE, 
SI of UTAUT2 are the most important factors predicting 
behavioral intention to adopt cloud-based collaborative learning 
technology from experts’ point of view. In [42], the author applied 
FAHP with TFN numbers to rank the factors influencing Fin Tech 
adoption intention, case study China and Korea. They concluded 
that the price value had the most significant influence on Chinese 
perceptions while credibility had the most significant effect on 
korean perceptions. In [43], the author has evaluated the usability 
of website using combined weighted method: fuzzy AHP and 

entropy approach. The entropy approach suggested “Response 
Time” (RT) as the main contributor while FAHP suggests “Ease 
of Navigation” (EON) as the main contributor for evaluation of 
usability of the academic websites. In [44], the author firstly has 
investigated the effective factors in electronic readiness of 
governmental and semi-governmental organizations of Tabriz 
city, and then ranked the effective factors in accepting information 
technologies and teleworking by fuzzy AHP technique. In general, 
these papers have mostly applied the FAHP method with TFN 
numbers. To the best of the knowledge, there is not yet an AHP 
study or a FAHP study on Google Classroom usage. In this paper 
have been studied the most important attributes of using Google 
Classroom for online teaching by the FAHP method with 
triangular fuzzy numbers and with trapezoidal fuzzy numbers. 
The study aimed to find the ranked sub-criteria and alternatives 
according to the hierarchy levels: the ranked constructs based on 
the students answers for each of the eight of them, the ranked 
questions from the most to the least important (there are 26 in total) 
and finally the ranked 5-likert-scale point options.  

2. Ranking methods 

The FAHP method has been used to find the most important 
attributes of Google Classroom with symmetric triangular fuzzy 
numbers and trapezoidal fuzzy numbers. One good reason for the 
selection of these methods was because the fuzzy numbers 
describe better the pair-wise comparisons matrices of optimality 
criteria than simple AHP. If  the  fuzzy  method  has been applied,  
the  result  score  is  always ‘the-bigger-the-better’ [45]. The 26 
questions are organized in 8 constructs which are C1 = PE = 
Performance Expectancy, C2 = EE = Effort Expectancy, C3 = SI 
= Social Influence, C4 = FC = Facilitating Conditions, C5 = HM 
= Hedonic Motivation, C6 = HT = Habit, C7 = BI = Behavioral 
Intention and C8 = UB = Use Behavior, referred in the study as 
the criteria. The sub-criteria have been represented by the third 
level of the hierarchy, and the alternatives of the hierarchy have 
been represented in the fourth level showed also in figure 1. 

3. The proposed framework  

Both methods have been developed through 7 steps for their 
application. The first was to construct the hierarchy problem, then 
have been created the pairwise comparison matrices and checked 
for consistency for each of them in all levels of the hierarchy. All 
these steps had the decision matrices with crisp numbers. In step 
four were converted all crisp numbers of the decision matrices 
into triangular fuzzy numbers/trapezoidal fuzzy numbers 
according FAHP-TFN/FAHP-TPFN [46], and then were 
calculated the fuzzy weights for each method. The deffuzification 
step was not the same for both methods. This step has converted 
the fuzzy numbers into crisp numbers, and the greater number 
(weight) showed the most important attribute among them. The 
most interested issue was to determine exactly how have changed 
the ranked results regarding the most important attribute for 
Google Classroom. In figure 3 and figure 4 have been shown all 
these steps.  
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Steps for FAHP-TFN 
 

 
Figure 3: FAHP with TFN Numbers 

 
Steps for FAHP-TpFN 

 
Figure 4: FAHP with TpFN Numbers

3.1. Fuzzy AHP with TFN Numbers 

Decision-makers often liked to give linguistic variables, 
rather than giving their judgments in numerical values [47]. 
A linguistic variable has linguistic terms representing 
approximate values of a base variable, relevant to a particular 
application, have been captured by approximate fuzzy numbers 
[48]. Each linguistic variable consists of the following elements: 
A name, a base variable, a set of linguistic terms and a semantic 
rule. To deal with data uncertainty, FAHP is a useful theory in the 
in the context that crisp numbers are expressed in fuzzy numbers.  

Firstly a group of decision makers is formed for evaluating 
the criteria and attributes as linguistic variables, with the 
consensus of all its members [49]. The main input for AHP 
method is the decision matrix formed from the expert’s judgment, 
so there will be a factor of subjectivity in their decisions [50]. The 
most important thing is that this matrix has to be consistent with 
index CI less or equal to 0.1 (𝐶𝐶𝐶𝐶 = 𝜆𝜆𝑚𝑚𝑚𝑚𝑚𝑚−𝑛𝑛

𝑛𝑛−1
 ≤ 0.1) [51].  

Also, it is necessary for the consistence ratio 𝐶𝐶𝐶𝐶 = 𝐶𝐶𝐶𝐶/𝐶𝐶𝐶𝐶 ≤
0.1,  where RI is the random index of the n-order matrix showed 
in table 1. 

The experts have constructed the decision matrices for all 
levels of the hierarchy, and then converted the numbers into fuzzy 
symmetric triangular numbers (TFN).  The fuzzy numbers were 

defined from the triangular symmetrical fuzzy membership 
function.  

Table 1: Random Index for matrix of n-order, simple AHP (Saaty 1980) 
 

n 1 2 3 4 5 6 7 8 9 10 
RI 0.00 0.00 0.58 0.9 1.12 1.24 1.32 1.41 1.45 1.49 

 
Table 2: Triangular fuzzy numbers and their inverse with Saaty Scale 
 

Relative 
importance  

  Importance   TFN Inverse of 
TFN 

1 Equal  (1,1,1) (1,1,1) 
3 Moderate (2,3,4) (1/4,1/3,1/2) 
5 Strong  (4,5,6) (1/6,1/5,1/4) 
7 Very strong (6,7,8) (1/8,1/7,1/6) 
9 Extremely 

strong 
(9,9,9) (1/9,1/9,1/9) 

2 Intermediate 
values 

(1,2,3) (1/3,1/2,1) 

4 Intermediate 
values 

(3,4,5) (1/5,1/4,1/3) 

6 Intermediate 
values 

(5,6,7) (1/7,1/6,1/5) 

8 Intermediate 
values 

(7,8,9) (1/9,1/8,1/7) 

A fuzzy number 𝑁𝑁� is called a triangular fuzzy number (TFN) 
if its membership function  𝜇𝜇𝑁𝑁�(𝑥𝑥):𝐶𝐶 → [0,1] is as follows: 
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𝜇𝜇𝑁𝑁�(𝑥𝑥) = �

𝑥𝑥−𝑙𝑙
𝑚𝑚−𝑙𝑙

           𝑙𝑙 ≤ 𝑥𝑥 ≤ 𝑚𝑚
𝑢𝑢−𝑥𝑥
𝑢𝑢−𝑚𝑚

         𝑚𝑚 ≤ 𝑥𝑥 ≤ 𝑢𝑢
  0                𝑥𝑥 ≠ [𝑙𝑙,𝑢𝑢]

                           (1) 

In figure 5 is shown the triangular membership function. 

 

The fuzzy number 𝑁𝑁� = (𝑙𝑙,𝑚𝑚,𝑢𝑢)  is formed by the lower, 
medium and upper bounds of the crisp number. Table 2 shows the 
Saaty scale from 1 to 9 evaluated with symmetric triangular fuzzy 
numbers, also the inverse of the triangular fuzzy numbers.  

In figure 6 are shown the triangular fuzzy numbers with the Saaty 
relative importance value.    

 

The operational laws with triangular fuzzy numbers are as follow: 

a) 𝑁𝑁�1 ⊕ 𝑁𝑁�2 = (𝑙𝑙1,𝑚𝑚1,𝑢𝑢1) ⊕ (𝑙𝑙2,𝑚𝑚2,𝑢𝑢2) =
                      (𝑙𝑙1 + 𝑙𝑙2,𝑚𝑚1 + 𝑚𝑚2,𝑢𝑢1 + 𝑢𝑢2) 

b) 𝑁𝑁�1 ⊗ 𝑁𝑁�2 = (𝑙𝑙1,𝑚𝑚1,𝑢𝑢1) ⊗ (𝑙𝑙2,𝑚𝑚2,𝑢𝑢2) =
(𝑙𝑙1𝑙𝑙2,𝑚𝑚1𝑚𝑚2,𝑢𝑢1𝑢𝑢2)                                            (2) 
c) 𝑁𝑁�−1 = (𝑙𝑙,𝑚𝑚,𝑢𝑢)  −1 = (1

𝑢𝑢
, 1
𝑚𝑚

, 1
𝑙𝑙
) 

The decision matrix A was converted into the matrix  �̌�𝐴  as the 
fuzzy TFN matrix [52]-[53]: 
 

�̌�𝐴 = �
(1,1,1) ⋯ (𝑙𝑙1𝑛𝑛 ,𝑚𝑚1𝑛𝑛,𝑢𝑢1𝑛𝑛)

⋮ ⋱ ⋮
(𝑙𝑙𝑛𝑛1,𝑚𝑚𝑛𝑛1,𝑢𝑢𝑛𝑛1) ⋯ (1,1,1)

�  

𝑎𝑎�𝑖𝑖𝑖𝑖 = (𝑙𝑙𝑖𝑖𝑖𝑖 ,𝑚𝑚𝑖𝑖𝑖𝑖 ,𝑢𝑢𝑖𝑖𝑖𝑖), 

𝑤𝑤ℎ𝑒𝑒𝑒𝑒𝑒𝑒      

𝑎𝑎�𝑖𝑖𝑖𝑖
−1 = ( 1

𝑢𝑢𝑖𝑖𝑖𝑖
, 1
𝑚𝑚𝑖𝑖𝑖𝑖

, 1
𝑙𝑙𝑖𝑖𝑖𝑖

)                (3) 

For each of the criteria have been calculated the fuzzy geometric 
mean value: 

�̌�𝑒𝑖𝑖 = ��𝑎𝑎�𝑖𝑖𝑖𝑖

𝑛𝑛

𝑖𝑖=1

�

1 𝑛𝑛�

                                      (4) 

Next was applied the defuzzification method named Center of 
Area method (COA) for the fuzzy weights: 

𝜔𝜔�𝑖𝑖 = �̌�𝑒𝑖𝑖  ⊗ (�̌�𝑒1 ⊕ �̌�𝑒2 ⊕ …⊕ �̌�𝑒𝑛𝑛)−1         (5) 

According to Voskoglou (2018) the coordinates of the Center of 
Area for the triangular formed with fuzzy numbers are 
G�𝑙𝑙+𝑚𝑚+𝑛𝑛

3
, 1
3
�. Point G is the intersection of the medians of the 

triangle formed by fuzzy numbers [54] (see figure 7). 

 
Figure 7: Center of area for TFN 

The last step was to find the average Mi and the normalized 
weights Ni for all criteria: 

  𝑀𝑀𝑖𝑖 =
𝜔𝜔�1 ⊕𝜔𝜔�2 ⊕ …⊕𝜔𝜔�𝑛𝑛

𝑛𝑛
         (6) 

   𝑁𝑁𝑖𝑖 =
𝑀𝑀𝑖𝑖

𝑀𝑀1 ⊕𝑀𝑀2 ⊕ …⊕𝑀𝑀𝑛𝑛
    (7) 

These 7 steps must be performed to find the normalized 
weights for both criteria and their alternatives as they are 
represented in the hierarchy. According to these results, the 
alternative with the highest score is suggested to be the best 
alternative for the decision makers.  
 

Triangular and trapezoidal fuzzy numbers are used very often 
to deal with the vagueness of the decisions related to alternative 
choice for each of the criteria [23].  A trapezoidal fuzzy number 
is denoted as 𝑁𝑁� = (𝑙𝑙,𝑚𝑚,𝑛𝑛,𝑢𝑢)  where if  𝑚𝑚 = 𝑛𝑛  it becomes a 
triangular fuzzy number TFN, so the TFN numbers are a special 
case of TpFN numbers. In this study all the linguistic variables of 
the pair-wise comparison matrices have been expressed in 
trapezoidal fuzzy number. The trapezoidal fuzzy number has the 
membership function as follows: 
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Table 3: Trapezoidal fuzzy numbers and inverse of TpFN with Saaty scale. 

Relative importance value Importance   Trapezoidal fuzzy numbers scale Inverse of trapezoidal fuzzy    numbers 

1 Equal (1,1,1,1) (1,1,1,1) 
3 Moderate (2,5/2,7/2,4) (0.13,0.2,0.46,0.53) 
5 Strong (4,9/2,11/2,6) (0.05,0.15,0.25,0.35) 
7 Very strong (6,13/2,15/2,8) (0.04,0.1,0.18,0.244) 
9 Extremely strong (8,17/2,9,9) (0.01,0.1,0.12,0.21) 
2 Intermediate values (1,3/2,5/2,3) (0.2,0.3,0.7,0.8) 
4 Intermediate values (3,7/2,9/2,5) (0.1,0.15,0.35,0.4) 
6 Intermediate values (5,11/2,13/2,7) (0.01,0.155,0.175,0.3) 
8 Intermediate values (7,15/2,17/2,9) (0.05,0.085,0.185,0.2) 

 

(𝑥𝑥) =

⎩
⎪
⎨

⎪
⎧
𝑥𝑥−𝑙𝑙
𝑚𝑚−𝑙𝑙

           𝑙𝑙 ≤ 𝑥𝑥 ≤ 𝑚𝑚
1               𝑚𝑚 ≤ 𝑥𝑥 ≤ 𝑛𝑛
𝑢𝑢−𝑥𝑥
𝑢𝑢−𝑚𝑚

         𝑚𝑚 ≤ 𝑥𝑥 ≤ 𝑢𝑢
  0                𝑥𝑥 ≠ [𝑙𝑙,𝑢𝑢]

                (8) 

In figure 8 is shown the triangular membership function. 

 
Figure. 8 TpFN membership function 

 
Table 3 has converted the trapezoidal fuzzy numbers and the 

inverse of them with the Saaty scale. 

In figure 9 are shown the trapezoidal fuzzy numbers with 
Saaty relative scale of importance. 

 

 
Figure 9: TpFN with relative importance of Saaty scale 

 
 

The operational laws with trapezoidal fuzzy numbers: 
 

a) 𝑁𝑁�1 ⊕𝑁𝑁�2 = (𝑙𝑙1,𝑚𝑚1,𝑛𝑛1,𝑢𝑢1) ⊕ (𝑙𝑙2,𝑚𝑚2,𝑛𝑛2,𝑢𝑢2) =
          (𝑙𝑙1 + 𝑙𝑙2,𝑚𝑚1 + 𝑚𝑚2,𝑛𝑛1 + 𝑛𝑛2,𝑢𝑢1 + 𝑢𝑢2) 

b) 𝑁𝑁�1 ⊗𝑁𝑁�2 = (𝑙𝑙1,𝑚𝑚1,𝑛𝑛1,𝑢𝑢1) ⊗ (𝑙𝑙2,𝑚𝑚2,𝑛𝑛2,𝑢𝑢2) =
(𝑙𝑙1𝑙𝑙2,𝑚𝑚1𝑚𝑚2,𝑛𝑛1𝑛𝑛2,𝑢𝑢1𝑢𝑢2)                                       (9) 

c) 𝑁𝑁�−1 = (𝑙𝑙,𝑚𝑚,𝑛𝑛,𝑢𝑢)  −1 = (1
𝑢𝑢

, 1
𝑛𝑛

, 1
𝑚𝑚

, 1
𝑙𝑙
) 

The decision matrix A was converted into the matrix  �̌�𝐴  as the 
fuzzy TpFN matrix [23]-[55]: 
 

�̌�𝐴 = �
(1,1,1,1) ⋯ (𝑙𝑙1𝑛𝑛,𝑚𝑚1𝑛𝑛,𝑛𝑛1𝑛𝑛,𝑢𝑢1𝑛𝑛)

⋮ ⋱ ⋮
(𝑙𝑙𝑛𝑛1,𝑚𝑚𝑛𝑛1,𝑛𝑛𝑛𝑛1,𝑢𝑢𝑛𝑛1) ⋯ (1,1,1,1)

�   

 

   𝑎𝑎�𝑖𝑖𝑖𝑖 = (𝑙𝑙𝑖𝑖𝑖𝑖 ,𝑚𝑚𝑖𝑖𝑖𝑖𝑛𝑛𝑖𝑖𝑖𝑖 ,𝑢𝑢𝑖𝑖𝑖𝑖), 

𝑎𝑎�𝑖𝑖𝑖𝑖
−1 = ( 1

𝑢𝑢𝑖𝑖𝑖𝑖
, 1
𝑛𝑛𝑖𝑖𝑖𝑖

, 1
𝑚𝑚𝑖𝑖𝑖𝑖

, 1
𝑙𝑙𝑖𝑖𝑖𝑖

)                          (10)  

For each of the criteria were calculated the fuzzy geometric mean 
value: 

�̌�𝑒𝑖𝑖 = ��𝑎𝑎�𝑖𝑖𝑖𝑖

𝑛𝑛

𝑖𝑖=1

�

1 𝑛𝑛�

                                  (11) 

The fuzzy weights were calculated as follow: 

𝜔𝜔�𝑖𝑖 = �̌�𝑒𝑖𝑖  ⊗ (�̌�𝑒1 ⊕ �̌�𝑒2 ⊕ …⊕ �̌�𝑒𝑛𝑛)−1         (12)

The defuzzification was applied with the method of nearest 
weighted symmetry (NWS) for trapezoidal fuzzy numbers as 
described in Saneifard [56]. 

𝑎𝑎𝑖𝑖𝑖𝑖 = 𝑙𝑙+2𝑚𝑚+2𝑛𝑛+𝑢𝑢
6

                                    (13) 

The last step included the normalization and the ranking 
attributes given as: 

𝑁𝑁𝑖𝑖 =
𝑎𝑎𝑖𝑖𝑖𝑖
∑𝑎𝑎𝑖𝑖𝑖𝑖

                                          (14) 

3.3. Data collections  
In order to analyze the effectiveness and acceptance of 

Google Classroom, a questionnaire has been prepared based 

firstly from Jakkaew and Hemrungrote. Details of this 
questionnaire have been given in the Appendix A. The 
questionnaire has been completed by 528 students from 4 
universities in Albania, one month after they started using this 
platform. In table 4 are described the frequency and percentage 
for answers of the questionnaire. 

4. Results  

4.1. Results for Criteria with FAHP –TFN  

The hierarchical structure has been constructed based on the 
questionnaire, combining all the criteria and attributes to find the 
goal: the most important attributes for Google Classroom. In this 
study the universities were in the second level, and hence haven’t 
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taken as criteria. The constructs C1, C2,…,C8 have been the 
criteria, and the questions Q1, …,Q26 have been the sub-criteria 
Each question has 5 alternatives ,shown in figure 2. The eight 
criteria have been compared with respect to the goal “the most 
important attributes for Google Classroom”. The decision makers 
were a group of mathematicians which have evaluated the 
answers of the questionnaire, and constructed the pair-wise 
comparison matrix for levels of the hierarchy [22],[57]. The first 
construction was the pair-wise comparison matrix with triangular 
fuzzy numbers as follow in table nr 5.  

This matrix has the Consistency Index 0.04778 < 0.1,
and  𝐶𝐶𝐶𝐶 = 𝐶𝐶𝐶𝐶/𝐶𝐶𝐶𝐶 = 0.034, so were applied the equations (2)-(7). 
The results were obtained in table 6. 

Based on the results for the most important construct from 
FAHP-TFN, it was the construct Behavioral Intention, than Social 
Influence, Hedonic Motivation, Use Behavior, Habit, 
Performance Expectancy, Facilitating Conditions and the last is 
Effort Expectancy. So for the students was more important to 
continue using Google Classroom in the future and to recommend 

it for other students. Also the Social Influence have impacted their 
use of Google Classroom. The last preferred was Effort 
Expectancy, so they thought was easy to use Google Classroom, 
to learn to operate with it and the interaction was clear and 
understandable.  

4.2. Results for the FAHP –TpFN Criteria.  

After have been found the rank with TFN numbers for the 
criteria, was converted the decision matrix in table 5 into 
trapezoidal fuzzy numbers (see table 7).  

The crisp numbers less than one were converted into 
trapezoidal fuzzy numbers with the use of the membership 
function of the generalized trapezoidal fuzzy number  

(�̌�𝐴) = (a, b, c, d; w), (0 < w ≤ 1), μ(𝐴𝐴�)(x): R → [0, w], 
which mapped the set of all fuzzy numbers to a set of real numbers 
by  R��̌�𝐴� = w

2
�(c + d) − (a + b)�  [58], [59]. The study used the 

trapezoidal fuzzy numbers for w = 1  . The results that were 
obtained from equations (9) to (14), are summarized in table 8.

Table 4: Students gender, university and way of access for Google Classroom. 

Item  Values  Frequency  Percentage  
Gender  Male  192 36.4% 

Female  336 63.6% 
University  Polytechnic University of Tirana 151 28.6% 

University of Tirana 130 24.6% 
University of Medicine 53 10.0% 
University of Durres 194 36.7% 

Access  
Google Classroom 

Android  192 36.4% 
Smartphone  189 35.8% 
Personal Computer 147 27.8% 

 

Table 5: The pair-wise comparison matrix with TFN numbers for the 8 criteria 

 C1 C2 C3 C4 
C1 (1,1,1) (1,2,3) (0.33,0.5,1) (1,2,3) 
C2 (0.33,0.5,1) (1,1,1) (0.142,0.16,0.5) (1,1,1) 
C3 (1,2,3) (5,6,7) (1,1,1) (3,4,5) 
C4 (0.33,0.5,1) (1,1,1) (0.2,0.25,0.33) (1,1,1) 
C5 (1,2,3) (1,2,3) (1,1,1) (1,2,3) 
C6 (2,3,4) (6,7,8) (0.33,0.5,1) (3,4,5) 
C7 (3,4,5) (4,5,6) (1,1,1) (1,2,3) 
C8 (3,4,5) (4,5,6) (1,1,1) (1,2,3) 
 C5 C6 C7 C8 
C1 (0.33,0.5,1) (0.25,0.33,0.5) (0.2,0.25,0.33) (0.2,0.25,0.33) 
C2 (0.33,0.5,1) (0.12,0.14,0.16) (0.16,0.2,0.25) (0.16,0.2,0.55) 
C3 (1,1,1) (1,2,3) (1,1,1) (1,1,1) 
C4 (0.25,0.33,0.5) (0.2,0.25,0.33) (0.33,0.5,1) (0.33,0.5,1) 
C5 (1,1,1) (1,2,3) (1,2,3) (1,1,1) 
C6 (0.33,0.5,1) (1,1,1) (1,1,1) (1,1,1) 
C7 (0.33,0.5,1) (1,1,1) (1,1,1) (1,1,1) 
C8 (1,1,1) (1,1,1) (1,1,1) (1,1,1) 

 

 

Table 6: FAHP with TFN numbers for the criteria 
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 �̌�𝑒𝑖𝑖 𝜔𝜔�𝑖𝑖 COA 𝑁𝑁𝑖𝑖 Rank 
C1 (0.426, 0.613, 0.914) (0.036, 0.065, 0.125) 0.075 0.0538 6 
C2 (0.292, 0.35, 0.51) (0.025, 0.037, 0.069) 0.043 0.03 8 
C3 (1.4, 1.76, 2.05) (0.12, 0.188, 0.28) 0.196 0.14 2 
C4 (0.37, 0.47, 0.69) (0.031, 0.05, 0.094) 0.058 0.0416 7 
C5 (1.09, 1.62, 2.05) (0.093, 0.173, 0.28) 0.182 0.13 3 
C6 (1.18, 1.46,1.88) (0.1, 0.156, 0.257) 0.171 0.122 5 
C7 (1.18, 1.45, 1.75) (0.1, 0.155, 0.239) 0.494 0.354 1 
C8 (1.36, 1.58, 1.75) (0.117, 0.169, 0.239) 0.175 0.125 4 

 

Table 7: The pair-wise comparison matrix with TpFN numbers for the 8 criteria 

 

 C5 C6 C7 C8 
C1 (0.2,0.3,0.7,0.8) (0.13,0.2,0.46,0.53) (0.1,0.15,0.35,0.4) (0.1,0.15,0.35,0.4) 
C2 (0.2,0.3,0.7,0.8) (0.04,0.1,0.18,0.244) (0.05,0.15,0.25,0.35) (0.05,0.15,0.25,0.35) 
C3 (1,1,1,1) (1,1.5,2.5,3) (1,1,1,1) (1,1,1,1) 
C4 (0.13,0.2,0.46,0.53) (0.1,0.15,0.35,0.4) (0.2,0.3,0.7,0.8) (0.2,0.3,0.7,0.8) 
C5 (1,1,1,1) (1,1.5,2.5,3) (1,1.5,2.5,3) (1,1,1,1) 
C6 (0.2,0.3,0.7,0.8) (1,1,1,1) (1,1,1,1) (1,1,1,1) 
C7 (0.2,0.3,0.7,0.8) (1,1,1,1) (1,1,1,1) (1,1,1,1) 
C8 (1,1,1,1) (1,1,1,1) (1,1,1,1) (1,1,1,1) 

Table 8: TpFN results for the criteria level. 

 �̌�𝑒𝑖𝑖 𝜔𝜔�𝑖𝑖     NWS   𝑁𝑁𝑖𝑖 Rank 
C1 (0.29,0.41,0.8,0.91) (0.025,0.039,0.096,0.13) 0.07 0.067 6 
C2 (0.12,0.27,0.42,0.53) (0.01,0.025,0.05,0.08) 0.04 0.038 8 
C3 (1.4,1.6,1.92,2.05) (0.12,0.152,0.23,0.3) 0.2 0.19 1 
C4 (0.24,0.32,0.61,0.67) (0.02,0.03,0.07,0.1) 0.053 0.05 7 
C5 (1.09,1.37,1.85,2.06) (0.094,0.13,0.22,0.3) 0.18 0.17 2 
C6 (1.04,1.23,1.66,1.78) (0.09,0.11,0.19,0.26) 0.158 0.152 5 
C7 (1.11,1.27,1.6,1.7) (0.09,0.12,0.19,0.25) 0.16 0.154 4 
C8 (1.36,1.49,1.67,1.755) (0.12,0.14,0.2,0.26) 0.17 0.16 3 

Table 9: The ranked criteria with two types of fuzzy numbers. 
 

Method Rank  of the criteria 
FAHP -TFN C7          C3            C5         C8          C6          C1         C4           C2 
FAHP-TpFN C3       C5       C8         C7           C6             C1          C4       C2 

Table 10: The IC, CR indexes for the matrixes of questions, third level: 

 CI CR 
C1=(Q1, Q2, Q3, Q4) 0.099 0.1 
C2=(Q5, Q6, Q7, Q8) 0.03 0.033 
C3=(Q9, Q10, Q11) 0.033 0.056 
C4=(Q12, Q13, Q14) 0.0035 0.006 

 C1 C2 C3 C4 
C1 (1,1,1,1) (1,1.5,2.5,3) (0.2,0.3,0.7,0.8) (1,1.5,2.5,3) 
C2 (0.2,0.3,0.7,0.8) (1,1,1,1) (0.01,0.155, 0.175,0.32) (1,1,1,1) 
C3 (1,1.5,2.5,3) (5,5.5,6.5,7) (1,1,1,1) (3,3.5,4.5,5) 
C4 (0.2,0.3,0.7,0.8) (1,1,1,1) (0.1,0.15,0.35,0.4) (1,1,1,1) 
C5 (1,1.5,2.5,3) (1,1.5,2.5,3) (1,1,1,1) (2,2.5,3.5,4) 
C6 (2,2.5,3.5,4) (6,6.5,7.5,8) (0.2,0.3,0.7, 0.8) (3,3.5,4.5,5) 
C7 (3,3.5,4.5,5) (4,4.5,5.5,6) (1,1,1,1) (1,1.5,2.5,3) 
C8 (3,3.5,4.5,5) (4,4.5,5.5,6) (1,1,1,1) (1,1.5,2.5,3) 
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C5=(Q15, Q16, Q17) 0.051 0.088 
C6=(Q18, Q19, Q20, Q21) 0.068 0.075 
C7=(Q22, Q23, Q24) 0.017 0.03 
C8=( Q25, Q26) 0 0 

 
Table 11: The ranked results for questions level 
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The FAHP-TpFN method has shown that the most important 

criteria were C3 and the last important was C2. So Social Influence 
was the most preferred criteria, then Hedonic Motivation, use 
behavior, Behavioral Intention, Habit, Performance Expectancy, 
Facilitating Conditions, and the last Effort Expectancy. Social 
Influence construct has been evaluated as the most preferred 
criteria that included friends, peers or other people. They had a 
direct impact for the students in using Google Classroom. The 
second evaluated was Hedonic Motivation criteria concerning an 
enjoyable use for Google Classroom. The last was Effort 
Expectancy criteria, as an easy use of Google Classroom. 

4.3. Comparison results for the criteria level   

Referred to the results in table 6 and table 8, were 
summarized the ranking criteria with the triangular and 
trapezoidal fuzzy numbers in table 9. These results have shown 
that only criteria C7 differs in rank between the two methods, all 
the others have the same rank. This was obtained due to the fact 
that the method of defuzzification in the two types of fuzzy 
numbers were not the same according their formulas. The results 
obtained from them give an important rank for the decision 
makers to judge the preferences of the Google  

Classroom constructs in more detail. In general, the ranked 
criteria of the most important and the last important one was the 
same, only the rankings between them differed less.  

4.4. Comparison results for questions level   

Here have been applied FAHP TFN and FAHP TpFN for the 
third level of the hierarchy, formed with the 26 questions as 
alternatives for each of the criteria of the second level. For all of 
them have been constructed the pair-wise comparisons matrices. 
The consistency has been less than 0.1, otherwise the decision 
makers had to reevaluate the comparisons matrix. For the third 
level, named as the sub-criteria has been constructed the decision 
matrices. Every matrix of the criteria, has been evaluated for its 
consistency IC and the consistent ratio CR. If they were consistent 

then becomes the application of FAHP.  In Table 10 are shown 
the eight criteria with the sub-criteria, and their consistency value. 
For all the matrices the coefficients were less or equal to 0.1. So 
were applied the FAHP-TFN and FAHP-TpFN method. In table 
11 are shown only the ranked results. The results after have been 
applied FAHP – TFN have shown that based on their importance 
with each other every 𝑄𝑄𝑖𝑖  had the following rank: Q25, Q12, Q9, Q15, 
Q5, Q1, Q22, Q18 ,Q16, Q10, Q2, Q26 ,Q7 ,Q14 ,Q19, 
Q23 ,Q24 ,Q21  ,Q6 ,Q3 ,Q13 ,Q20  ,Q8 ,Q11 ,Q17 ,Q4 . So the most 
important question between them was Q25 “I use Google 
Classroom for writing quizzes and submitting assignments 
behavior”, and the last important was Q4 “If I use Google 
Classroom, I will increase my chances of passing the course”.  

      The results that have been applied FAHP – TpFN have shown 
that every 𝑄𝑄𝑖𝑖  had the following rank:  Q25, Q12, Q9, Q15, Q22 ,Q1, 
Q5, Q18, Q16, Q10, Q2, Q26, Q23, Q14, Q7, Q19, Q21, Q6, Q3, Q24, Q13, 
Q20, Q11, Q17, Q8, Q4. So the most important question between 
them was Q25 and the last important was Q4. Both methods have 
ranked the questions and was found that the most important and 
the last important from them are the same for the decision maker, 
but the ranking between them differs slightly.  

The most important question was Q25 in the Use Behavior: “I 
use Google Classroom for writing quizzes and submitting 
assignments behavior”, and the last important one was Q4: “If I 
use Google Classroom, I will increase my chances of passing the 
course” part of the Performance Expectancy construct. It was 
known  that FAHP with TpFN numbers was the generalization of 
FAHP with TFN numbers [60], also had a better rank according 
to the expert opinions. Also, based to the unified index for 
comparing fuzzy numbers TFN and TpFN [61], [60] was shown 
that the trapezoidal FAHP method is the most suitable one, as it 
provides the most accurate results when compared to other 
methods. 

4.5. Comparison results for 5-likert scale level   
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For the 5-likert scale have been denoted the five points with 
A1=Strongly disagree, A2=Disagree, A3=Neither agree nor 
disagree, A4=Agree, A5=Strongly agree. Also have been 
evaluated the fuzzy pair-wise comparison matrices of alternatives 
according to each of the sub-criteria, and then have been applied 
FAHP method with both types of fuzzy numbers. Tables 12 and 
13 have shown the results of the FAHP method for both cases. 
According to the theory [23], [31] the total of results preferences 
was compared for each of them as shown in tables below, and the 
one that has the highest total was the most important. 

Table 12: Results for alternative level with FAHP-TFN 
  

 A1 A2 A3 A4 A5 
Total 1.0188 1.378 1.867 2.651 1.1027 
Rank 5 3 2 1 4 

Table 13: Results for alternative level with FAHP-TpFN 

 A1 A2 A3 A4 A5 
Total 0.93937 1.3338 1.875 2.685 1.10274 
  Rank 5 3 2 1 4 

The findings resulted that both methods gave the same 
ranking (see table 12, 13). It is obvious that the total for each Ai 
differed slightly with both types of fuzzy numbers. So the 
alternative that has been the most important and the most selected 
in the answers was A4 “Agree”, then A3 “Neither agree nor 
disagree”, then A2 “Disagree”, A5 “Strongly agree”, and lastly A1 
“Strongly disagree”. 

5. Conclusions 

Nowadays due to the situation of COVID-19 pandemic the 
application of Google Classroom in online teaching played an 
important role in high education. The evaluations for the usage of 
Google Classroom have been done by using the questionnaire 
according to the UTAUT2 model. This study found out the ranked 
attributes for Google Classroom, from the most to the least 
preferred. Attributes were three types: criteria, sub-criteria and 
alternative, based on the hierarchy structure proposed by this 
paper. In order to make better decisions, have been applied the 
FAHP method with two types of fuzzy numbers: triangular fuzzy 
numbers and trapezoidal fuzzy numbers. FAHP could capture the 
vagueness of the judgments, by making the fuzzy weights more 
objective to the goal. Based on the results of FAHP-TFN the most 
preferred criteria or construct was BI (Behavioral Intention), the 
most preferred question was “I use Google Classroom for writing 
quizzes and submitting assignments behavior”, and the most 
selected alternative was A4 “Agree”. For the results of FAHP-
TpFN the most preferred criteria or construct was SI (Social 
Influence), the most preferred question was “I use Google 
Classroom for writing quizzes and submitting assignments 
behavior”, and the most selected alternative was A4 “Agree”. 
There was a slight difference in the criteria level for the two 
methods. Trapezoidal fuzzy numbers were the generalization of 
the triangular fuzzy numbers and have often being used by 
decision makers for a better selection of the attributes. This study 
is expected to help the user to evaluate the use of Google 
Classroom, and also to help policy-makers when deciding to 
implement e-learning. Especially these study results orient better 
the direction of institutions of higher learning. For the future 

research recommendation, this study will be more complete to 
consider even the private universities and some other public 
universities. Maybe this will make differences in the study results. 
It is thought to include the master degree students, age > 22, and 
lecturers/tutors to show other results. An important point will be 
the evaluation of the hierarchy structure of the problem with 
gaussian fuzzy numbers, in order to eliminate the case of zero 
weights in order to make an optimal decision.   

References  

[1] J.A. Kumar, B. Bervell, “Google Classroom for mobile learning in higher 
education: Modelling the initial perceptions of students,” Education and 
Information Technologies, 24(2), 1793-1817, 2019, doi:10.1007/s10639-
018-09858-z. 

[2] B. De, “Traditional Learning Vs. Online Learning - eLearning Industry,” 
E ;Earning Industry, 2018. 

[3] R.A.S. Al-Maroof, M. Al-Emran, “Students acceptance of google classroom: 
An exploratory study using PLS-SEM approach,” International Journal of 
Emerging Technologies in Learning, 2018, doi:10.3991/ijet.v13i06.8275. 

[4] D. Sulisworo, R. Ummah, M. Nursolikh, W. Rahardjo, “The analysis of the 
critical thinking skills between blended learning implementation: Google 
Classroom and Schoology,” Universal Journal of Educational Research, 6(1), 
2020, doi:10.13189/ujer.2020.081504. 

[5] S. Sukmawati, N. Nensia, “The Role of Google Classroom in ELT,” 
International Journal for Educational and Vocational Studies, 1(2), 142-145, 
2019, doi:10.29103/ijevs.v1i2.1526. 

[6] N. Friesen, “Report : Defining Blended Learning,” Norm Friesen, August, 
2012. 

[7] A. Wijaya, Analysis of factors affecting the use of google classroom to 
support lectures, The 5th International Conference on Information 
Technology and Engineering Application, 2016. 

[8] V. Venkatesh, M.G. Morris, G.B. Davis, F.D. Davis, “User acceptance of 
information technology: Toward a unified view,” MIS Quarterly: 
Management Information Systems, 425-478, 2003, doi:10.2307/30036540. 

[9] P. Jakkaew, S. Hemrungrote, The use of UTAUT2 model for understanding 
student perceptions using Google Classroom: A case study of Introduction 
to Information Technology course, 2017, 
doi:10.1109/ICDAMT.2017.7904962. 

[10] J. Janossy, “Proposed Model for Evaluating C/LMS Faculty Usage in Higher 
Education Institutions,” MBAA International, 2008. 

[11] M. Limayem, S.G. Hirt, W. Chin, “Intention does not always Matter: The 
Contingent Role of Habit in IT Usage Behaviour.,” in ECIS 2001 
Proceedings, 56-64, 2001. 

[12] M.Z. Islam, P.K.C. Low, I. Hasan, “Intention to use advanced mobile phone 
services (AMPS),” Management Decision, 2013, 
doi:10.1108/00251741311326590. 

[13] V. Venkatesh, M. Morris, G. Davis, F. Davis, “TECHNOLOGY 
ACCEPTANCE MODEL - Research,” MIS Quarterly, 2003. 

[14] M. Jambulingam, “Behavioural intention to adopt mobile technology among 
tertiary students,” World Applied Sciences Journal, 22(9), 1262-1271, 2013, 
doi:10.5829/idosi.wasj.2013.22.09.2748. 

[15] L.Y. Leong, T.S. Hew, G.W.H. Tan, K.B. Ooi, “Predicting the determinants 
of the NFC-enabled mobile credit card acceptance: A neural networks 
approach,” Expert Systems with Applications, 2013, 
doi:10.1016/j.eswa.2013.04.018. 

[16] F.D. Davis, “User acceptance of information technology: system 
characteristics, user perceptions and behavioral impacts,” International 
Journal of Man-Machine Studies, 1993, doi:10.1006/imms.1993.1022. 

[17] H.C. Triandis, “Theoretical framework for evaluation of cross-cultural 
training effectiveness,” International Journal of Intercultural Relations, 1977, 
doi:10.1016/0147-1767(77)90030-X. 

[18] M.M. Hull, The Irish interlude: German intelligence in Ireland, 1939-1943, 
Journal of Military History, 2002, doi:10.2307/3093356. 

[19] P.E. Oliver, G. Marwell, “The Paradox of Group Size in Collective Action: 
A Theory of the Critical Mass. II.,” American Sociological Review, 1988, 
doi:10.2307/2095728. 

[20] V. Venkatesh, J.Y.L. Thong, X. Xu, “Consumer acceptance and use of 
information technology: Extending the unified theory of acceptance and use 
of technology,” MIS Quarterly: Management Information Systems, 2012, 
doi:10.2307/41410412. 

[21] T.L. Saaty, The analytical hierarchy process, planning, priority, 1980. 
[22] T.L. Saaty, “There is no mathematical validity for using fuzzy number 

http://www.astesj.com/


D.H. Qendraj et al / Advances in Science, Technology and Engineering Systems Journal Vol. 6, No. 1, 297-308 (2021) 

www.astesj.com     307 

crunching in the analytic hierarchy process,” Journal of Systems Science and 
Systems Engineering, 2006, doi:10.1007/s11518-006-5021-7. 

[23] D. Dubois, “The role of fuzzy sets in decision sciences: Old techniques and 
new directions,” in Fuzzy Sets and Systems, 2011, 
doi:10.1016/j.fss.2011.06.003. 

[24] S.J. Chen, S.M. Chen, “Fuzzy risk analysis based on similarity measures of 
generalized fuzzy numbers,” IEEE Transactions on Fuzzy Systems, 2003, 
doi:10.1109/TFUZZ.2002.806316. 

[25] T.L. Saaty, “Modeling unstructured decision problems - the theory of 
analytical hierarchies,” Mathematics and Computers in Simulation, 1978, 
doi:10.1016/0378-4754(78)90064-2. 

[26] T.L. Saaty, Group Decision Making and the AHP, 1989, doi:10.1007/978-3-
642-50244-6_4. 

[27] C.H. Cheng, K.L. Yang, C.L. Hwang, “Evaluating attack helicopters by AHP 
based on linguistic variable weight,” European Journal of Operational 
Research, 1999, doi:10.1016/S0377-2217(98)00156-8. 

[28] A.H.I. Lee, H.Y. Kang, C.F. Hsu, H.C. Hung, “A green supplier selection 
model for high-tech industry,” Expert Systems with Applications, 2009, 
doi:10.1016/j.eswa.2008.11.052. 

[29] P.J.M. van Laarhoven, W. Pedrycz, “A fuzzy extension of Saaty’s priority 
theory,” Fuzzy Sets and Systems, 1983, doi:10.1016/S0165-0114(83)80082-
7. 

[30] L.A. Zadeh, “Fuzzy sets,” Information and Control, 1965, 
doi:10.1016/S0019-9958(65)90241-X. 

[31] J.J. Buckley, “Fuzzy hierarchical analysis,” Fuzzy Sets and Systems, 1985, 
doi:10.1016/0165-0114(85)90090-9. 

[32] D.Y. Chang, “Applications of the extent analysis method on fuzzy AHP,” 
European Journal of Operational Research, 1996, doi:10.1016/0377-
2217(95)00300-2. 

[33] Q.N. Naveed, N. Ahmad, “Critical success factors (CSFs) for cloud-based e-
Learning,” International Journal of Emerging Technologies in Learning, 
2019, doi:10.3991/ijet.v14i01.9170. 

[34] Y.A. Turker, K. Baynal, T. Turker, “The evaluation of learning management 
systems by using Fuzzy AHP, fuzzy topsis and an integrated method: A case 
study,” Turkish Online Journal of Distance Education, 12(2), 179-185, 2019, 
doi:10.17718/tojde.557864. 

[35] Yassine AFA, Amal BATTOU, Omar BAZ, “Learning Through Massive 
Open Online Courses Platforms Based on Fuzzy Analytic Hierarchy Process,” 
International Journal of Smart Education and Urban Society, 9(1), 793-807, 
2019, doi:10.4018/ijseus.2019070101. 

[36] H. Turan, “Assessment factors affecting e-learning using fuzzy analytic 
hierarchy process and SWARA,” International Journal of Engineering 
Education, 2018. 

[37] R. Garg, D. Jain, “Fuzzy multi-attribute decision making evaluation of e-
learning websites using FAHP, COPRAS, VIKOR, WDBA,” Decision 
Science Letters, 2017, doi:10.5267/j.dsl.2017.2.003. 

[38] A.H. Işık, M. İnce, T. Yiğit, “A Fuzzy AHP Approach to Select Learning 
Management System,” International Journal of Computer Theory and 
Engineering, 2015, doi:10.7763/ijcte.2015.v7.1009. 

[39] T.S. Lo, T.H. Chang, L.F. Shieh, Y.C. Chung, “Key factors for efficiently 
implementing customized e-learning system in the service industry,” Journal 
of Systems Science and Systems Engineering, 20(3), 346-355, 2011, 
doi:10.1007/s11518-011-5173-y. 

[40] E. Roghanian, M. Alipour, “A fuzzy model for achieving lean attributes for 
competitive advantages development using AHP-QFD-PROMETHEE,” 
Journal of Industrial Engineering International, 10(3), 1-11, 2014, 
doi:10.1007/s40092-014-0068-4. 

[41] E. Yadegaridehkordi, M.H. Nizam Bin Md Nasir, N. Fazmidar Binti Mohd 
Noor, L. Shuib, N. Badie, “Predicting the adoption of cloud-based 
technology using fuzzy analytic hierarchy process and structural equation 
modelling approaches,” Applied Soft Computing Journal, 66, 77-89, 2018, 
doi:10.1016/j.asoc.2017.12.051. 

[42] H.-L. Mu, Y.-C. Lee, “An Application of Fuzzy AHP and TOPSIS 

Methodology for Ranking the Factors Influencing FinTech Adoption 
Intention: A Comparative Study of China and Korea,” Journal of Service 
Research and Studies, 6(2), 793-807, 2017, doi:10.18807/jsrs.2017.7.4.051. 

[43] R. Nagpal, D. Mehrotra, P.K. Bhatia, “Usability evaluation of website using 
combined weighted method: fuzzy AHP and entropy approach,” 
International Journal of Systems Assurance Engineering and Management, 
2016, doi:10.1007/s13198-016-0462-y. 

[44] S. Morteza, R. Hamidreza, S. Mojtaba, “Identifying and prioritizing effective 
factors in governmental and semi-governmental organizations’ electronic 
readiness for accepting and utilizing teleworking by fuzzy AHP technique in 
Tabriz City-Iran,” Life Science Journal, 2013. 

[45] B.D. Rouyendegh, T.E. Erkan, “MBA Students’ preference on: Online, 
formal and hybrid MBA programs,” in Procedia - Social and Behavioral 
Sciences, 2011, doi:10.1016/j.sbspro.2011.11.141. 

[46] S. Aydin, C. Kahraman, “Multiattribute supplier selection using fuzzy 
analytic hierarchy process,” International Journal of Computational 
Intelligence Systems, 2010, doi:10.1080/18756891.2010.9727722. 

[47] F. Herrera, L. Martínez, “A model based on linguistic 2-tuples for dealing 
with multigranular hierarchical linguistic contexts in multi-expert decision-
making,” IEEE Transactions on Systems, Man, and Cybernetics, Part B: 
Cybernetics, 2001, doi:10.1109/3477.915345. 

[48] B. Arfi, “Fuzzy decision making in politics: A linguistic fuzzy-set approach 
(LFSA),” Political Analysis, 2005, doi:10.1093/pan/mpi002. 

[49] Q.H. Do, J. Chen, H. Hsieh, “Trapezoidal Fuzzy AHP and Fuzzy 
Comprehensive Evaluation Approaches for Evaluating Academic Library 
Service,” WSEAS TRANSACTIONS on COMPUTERS, 2015. 

[50] I.J. Pérez, F.J. Cabrerizo, E. Herrera-Viedma, “Group decision making 
problems in a linguistic and dynamic context,” Expert Systems with 
Applications, 6, 77-89, 2011, doi:10.1016/j.eswa.2010.07.092. 

[51] T.L. Saaty, K. Peniwati, J.S. Shang, “The analytic hierarchy process and 
human resource allocation: Half the story,” Mathematical and Computer 
Modelling, 2007, doi:10.1016/j.mcm.2007.03.010. 

[52] M.B. Ayhan, “A Fuzzy Ahp Approach For Supplier Selection Problem: A 
Case Study In A Gearmotor Company,” International Journal of Managing 
Value and Supply Chains, 2013, doi:10.5121/ijmvsc.2013.4302. 

[53] R.P. Kusumawardani, M. Agintiara, “Application of Fuzzy AHP-TOPSIS 
Method for Decision Making in Human Resource Manager Selection 
Process,” in Procedia Computer Science, 2015, 
doi:10.1016/j.procs.2015.12.173. 

[54] M.G. Voskoglou, “Application of fuzzy numbers to assessment of human 
skills,” International Journal of Fuzzy System Applications, 2017, 
doi:10.4018/IJFSA.2017070103. 

[55] G. Nirmala, G. Uthra, “Selecting best plastic recycling method using 
trapezoidal linguistic fuzzy preference relation,” International Journal of 
Civil Engineering and Technology, 2017. 

[56] R. Saneifard, “Defuzzification Method for Solving Fuzzy Linear Systems,” 
Int. J. Industrial Mathematics, 2009. 

[57] J.J. Buckley, T. Feuring, Y. Hayashi, “Fuzzy hierarchical analysis revisited,” 
European Journal of Operational Research, 2001, doi:10.1016/S0377-
2217(99)00405-1. 

[58] T. Allahviranloo, S. Abbasbandy, R. Saneifard, “A method for ranking of 
fuzzy numbers using new weighted distance,” Mathematical and 
Computational Applications, 2011, doi:10.3390/mca16020359. 

[59] S. Banerjee, T.K. Roy, “Arithmetic Operations on Generalized Trapezoidal 
Fuzzy Number and its Applications,” TJFS: Turkish Journal of Fuzzy 
Systems An Official Journal of Turkish Fuzzy Systems Association, 2012. 

[60] R. Rodcha, N. K. Tripathi, R. Prasad Shrestha, “Comparison of Cash Crop 
Suitability Assessment Using Parametric, AHP, and FAHP Methods,” Land, 
2019, doi:10.3390/land8050079. 

[61] T.L. Nguyen, Methods in ranking fuzzy numbers: A unified index and 
comparative reviews, Complexity, 12(2), 1793-1817, 2017, 
doi:10.1155/2017/3083745. 

 
  

http://www.astesj.com/


D.H. Qendraj et al / Advances in Science, Technology and Engineering Systems Journal Vol. 6, No. 1, 297-308 (2021) 

www.astesj.com     308 

Appendix  

A. Here we present the full questionnaire developed by the authors Venkatesh V. et al (2003), Jakkaew P., Hemrungrote S. (2017) 
completed by 528 students from 4 universities of Albania. 

 
Questionnaire/Items                                                                                                       Source 

Performance Expectancy (PE) 
1. I find Google Classroom useful in this course of math (PE1)                                         (Jakkaew P, Hemrungrote S) 
2. Using Google Classroom enables me to achieve 
course related tasks more quickly (downloading notes,  
assignment submission,etc.) (PE2)                                                                                      (Jakkaew P, Hemrungrote S) 
3. Using Google Classroom increases my learning productivity (PE3)                               (Jakkaew P, Hemrungrote S)  
4. If I use Google Classroom, I will increase my 
chances of passing the course (PE4)                                                                                     (Jakkaew P, Hemrungrote S) 
Effort Expectancy (EE) 
1. It is easy for me to become skilful at using Google Classroom (EE1)                             (Venkatesh et al 2003) 
2. I find Google Classroom easy to use (EE2)                                                                      (Al-Maroof RAS, Al-Emran M) 
3. Learning to operate Google Classroom is easy for me (EE3)                                           (Venkatesh et al 2003) 
4. My interaction with Google Classroom is clear and                                                         (Venkatesh et al 2003) 
understandable. (EE4) 
Social Influence (SI) 
1. My friends who are important to me think that I should 
participate in Google Classroom (SI1)                                                                                  (Jakkaew P, Hemrungrote S)  
2. My peers who influence my behavior think that I should 
use Google Classroom(SI2)                                                                                                   (Jakkaew P, Hemrungrote S)  
3.Other people whose opinions I value prefer that I use 
Google Classroom (SI3)                                                                                                        (Jakkaew P, Hemrungrote S)  
Facilitating Conditions (FC) 
1.I have the resources necessary to participate in Google Classroom 
(internet smartphone etc) (FC1)                                                                                            (Jakkaew P, Hemrungrote S) 
2. I have the knowledge necessary to participate in Google Classroom (FC2)                    (Jakkaew P, Hemrungrote S) 
3. I can get help from others when I have difficulties while using                                       (Jakkaew P, Hemrungrote S) 
Google Classroom (FC3) 
Hedonic Motivation (HM) 
1.Using Google Classroom is fun, compared 
to traditional classroom. (HM1)                                                                                             (Jakkaew P, Hemrungrote S) 
2. Using Google Classroom is enjoyable, compared to 
traditional classroom (HM2)                                                                                                  (Jakkaew P, Hemrungrote S) 
3. Using Google Classroom is entertaining, compared to 
traditional classroom   (HM3)                                                                                                (Jakkaew P, Hemrungrote S) 
Habit (HT) 
1. Using Google Classroom has become a habit for me (HT1)                                             (Jakkaew P, Hemrungrote S) 
2. Using Google Classroom has become natural to me (HT2)                                              (Jakkaew P, Hemrungrote S) 
3. Using Google Classroom is addictive (HT3)                                                                     (Jakkaew P, Hemrungrote S) 
4. I feel that I must use Google Classroom (HT4)                                                                 (Jakkaew P, Hemrungrote S)  
Behavioral Intention (BI) 
1. I intend to continue using Google Classroom in the future (BI1)                                      (Jakkaew P, Hemrungrote S) 
2. It is worth to recommend the Google Classroom 
for other students (BI2)                                                                                                          (Al-Maroof RAS, Al-Emran M) 
3. I plan to continue to use Google Classroom frequently (BI3)                                            (Jakkaew P, Hemrungrote S) 
Use Behaviour (UB)   
1. I use Google Classroom for writing quizzes and submitting 
assignments behaviour (UB1)                                                                                                 (Kumar JA, Bervell B) 
2. I use Google Classroom to interact with online materials, 
peers and instructor (UB2)                                                                                                       (Kumar JA,Bervell B) 
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